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class RandomSplitRDD( prev: RDD[Array[Double]],  seed: Long, lower: Double,  
upper: Double,   isTraining: Boolean)	
  extends RDD[Array[Double]](prev) {	
  override def getPartitions: Array[Partition] = {	
    val rg = new Random(seed)	
    firstParent[Array[Double]].partitions.map(x => new SeededPartition(x, 
rg.nextInt))	
  }	
  override def getPreferredLocations(split: Partition): Seq[String] =	
    
firstParent[Array[Double]].preferredLocations(split.asInstanceOf[SeededPartitio
n].prev)	
  override def compute(splitIn: Partition, context: TaskContext): 
Iterator[Array[Double]] = {	
    val split = splitIn.asInstanceOf[SeededPartition]	
    val rand = new Random(split.seed)	
    if (isTraining) {	
      firstParent[Array[Double]].iterator(split.prev, context).filter(x => {	
        val z = rand.nextDouble;	
        z < lower || z >= upper	
      })	
    } else {	
      firstParent[Array[Double]].iterator(split.prev, context).filter(x => {	
        val z = rand.nextDouble;	
        lower <= z && z < upper	
      })	
    }	
  }	
}	
def randomSplit[Array[Double]](rdd: RDD[Array[Double]], numSplits: Int, 
trainingSize: Double, seed: Long): Iterator[(RDD[Array[Double]], 
RDD[Array[Double]])] = {	
    require(0 < trainingSize && trainingSize < 1)	
    val rg = new Random(seed)	
    (1 to numSplits).map(_ => rg.nextInt).map(z =>	
      (new RandomSplitRDD(rdd, z, 0, 1.0 - trainingSize, true),	
        new RandomSplitRDD(rdd, z, 0, 1.0 - trainingSize, false))).toIterator	
  }	
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table = load(“housePrices”) 
table.dropNA 
table.train.glm(“price”, “sf,zip,beds,baths”)
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we begin to dream / find solution to fight this evil



Design Principles

Sophistication

Power & SpeedEase & Simplicity
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Airline Dataset, 12GB, 123M rows
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Table-Like Abstraction  
on Top of Big Data
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2 Native R Data.frame 
Experience

ddf.getSummary()	

ddf.getFiveNum()	

ddf.binning(“distance”, 10)	

ddf.scale(SCALE.MINMAX)
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Real-Time	

Scoring

manager.loadModel(uri)	
lm.predict(point)

Data 	

Wrangling

ddf.dropNA()	
ddf.transform(“speed
=distance/duration”)

ddf.lm(0.1, 10)	
ddf.roc(testddf)

Model 	

Building & Validation

3 Focus on Analytics,  
Not MapReduce
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4 Seamlessly Integrate  
with External ML Libraries

Data Algorithm Intelligence

+ =
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5 Share DDFs 
Seamlessly & Efficiently

Can I see 
 your data?

ddf://adatao/airline
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6Work in Your 
Preferred Language

…even Plain English!
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www.adatao.com/ddf

DATA INTELLIGENCE FOR ALL

We’re Open Sourcing DDF!!! 
1. Accept Core Committers 
2. Clean up & Prep 
3. Open up for public access

http://www.adatao.com/ddf

