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— Raw events?

 MapReduce jobs for ETL
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« Completely contrived for this presentation, but
maybe you really want to do this
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— My tweet archive

* Goal
— ldentify the user most similar to me
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Generic data flow
Built-in editor/monitor
Varying object size
Traditional sources

— Files, FTP, SFTP, HTTP, etc.
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« Streaming from the start

* Rich set of sources/sinks

— Apache Avro, Apache Thrift, Twitter, NetCat, Syslog
— HDFS, IRC, Hbase, Kite
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Flume architecture

Source

Channel
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* NiFi processors to run Flume sources/sinks
* Prototype
 http://bit.ly/flume-processors
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Integrating data is challenging

Managing multiple systems adds complexity
NiFi supports generic data flow

NiFi can be extended to solve new use cases
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