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e Building blocks are matrix multiplication, QR

and Cholesky factorizations. ENVIRONMENT SETTINGS

e QDWH converges at most after 6 iterations. Software:

e The flop count of QDWH depend on the matrix Intel Compiler Suite v13.0.1.

®

condition number ko (A). e NVIDIA CUDA v6.0.
o MAGMA v1.4.1 [2] (compiled w/ -mkl=parallel).
e KBLAS v1.0 [3].
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Hardware:

e Intel(R) Xeon(R) CPU E5-2680 v2.
e Dual-socket 10-core Ivy Bridge (20 cores total).

e 256 GB of DDR3 main memory, 25 MB Cache, 2.8 GHz, 8.00
GT/s Intel(R) QPI.

11“’<ﬂops-:3?n!_ : e Three Tesla K40c (ECC Off) , 745 MHz clock, 12 GB.
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