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[1] Performance Tuning of Matrix Multiplication in OpenCL on Different GPUs and |
CPUs. K. Matsumoto, N. Nakasato, S.G. Sedukhin. In: SC-Companion '12. |EEE. Vector widths Mvec (A&C), Nvec (B)
Tuner available on GitHub (open-source): https://github.com/cnugteren/cltune [2] OpenCL SGEMM tuning tutorial. C. Nugteren. Unroll factor Kwg loop K
http://www.cedricnugteren.nl/tutorial.php
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